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Abstract: Compressive sensing (CS) is based on random sampling and sparsity.,which bypasses a limitation of the Nyquist-Shan-
non sampling theorem.CS enables the reconstruction of signals from incomplete measurements significantly below the Shannon
sampling rate.In this paper,we review the theory of CS and its applications in seismic data acquisition.processing,imaging,and in-
version. Three key components for the application of CS are random acquisition (including random distribution of shot and detector
points) ,sparse representation of signals,and fast algorithm for optimal reconstruction with sparse constraints. The percentage of

data required for reconstructing targets decreases with increasing dimensions involved. The paper also highlights the potential of

combining compressed sensing with deep learning.
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